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Abstract

This paper investigates the causes and consequences of “supply-side beliefs”
—the tendency for households to overweight the importance of aggregate
supply shocks relative to demand-side factors. We develop a New Keynesian
model where agents receive news about future supply and demand shocks.
Because supply shocks are more costly, potential model misspecification
causes agents to endogenously downweight the likelihood that news is infor-
mative about demand shocks. The model rationalizes a number of empirical
puzzles, such as the observed positive correlation between survey-based in-
flation and unemployment expectations, and the instability of estimated
Phillips curve slope coefficients. Next, we empirically test a key prediction
of the model: news shocks cause realized inflation and unemployment to
move in the same direction. Using daily survey-based inflation expectations
around CPI releases, we construct a novel measure of news-driven inflation
expectation shocks. Consistent with the model, following a positive infla-
tion expectation surprise, both realized inflation and unemployment rise.
We find that a one percentage point shock to inflation expectations boosts
inflation by roughly 0.1% and unemployment by 0.2% over the next 2 years.
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1 Introduction

Nearly all economic decisions are based on agents’ perceptions about the current
economy and expectations about future economic outcomes. Thus, it is important
to understand how agents form their beliefs. The workhorse approach to modeling
these beliefs has been full-information rational expectations (FIRE), which posits
that agents not only understand the data-generating process but also know all
relevant information, past and present. However, survey data of expectations are
often at odds with the implications of FIRE.

This paper focuses on one important bias of consumer expectations: “supply-
side” beliefs. A robust feature in surveys is that households consistently seem
to overweight supply factors as drivers of the economy and report supply-side
reasoning when asked why they hold their beliefs. For example, households often
report “greed” and “big business and corporate profits” as drivers of inflation (e.g.
see Shiller 1996). Supply-side reasoning is also evident in the positive correlation
between households’ inflation and unemployment expectations (e.g. see Kamdar
2019). Not only do households use supply-side reasoning, but they seem to do so
more than experts or what rational forecasts would suggest. Relative to experts,
households consistently use supply-side reasoning more and demand-side reasoning
less (e.g. see Andre et al., 2023, 2022).

In this paper, we investigate the causes and consequences of supply-side beliefs.
Specifically, we develop a New Keynesian model where private agents overweight
the likelihood that news is informative about supply shocks. That is, they receive
a signal that is a combination of next period’s supply and demand shock. They
interpret the information as being more informative about supply than it actually
is. We show that such over-weighting can arise endogenously when households face
frictions when acquiring information; or when households face concerns regarding
model misspecification. In either case, the intuition is that supply shocks are
particularly damaging to household utility. Therefore, households either dedicate
more attention to supply shocks (under rational inattention), or act as if supply
shocks are more likely (when facing model misspecification concers).

The model yields a variety of theoretical implications. For instance, in response
to news shocks which raise inflation expectations, agents will decrease their output

1



expectations as they attribute the news to an adverse supply shock. This type of
behavior is readily observed in survey data. But additionally, the model predicts
that realized inflation should also rise and that realized output should fall, as agents
behave as though a negative supply shock will occur in the next period.

We test this novel prediction of the model using a high-frequency approach
to identify shocks to household inflation expectations. We use daily survey data
to estimate how inflation expectations change in the days before and after CPI
releases. We interpret these high-frequency changes in inflation expectations to be
the result of the news. While our shocks have weak correlation with alternative
measures of inflation expectations (such as those implied by changes in fixed in-
come yields), we show that these shocks capture important and novel variation in
household beliefs which is not accounted for in financial markets.

Using our novel shock series, we trace out the macroeconomic effects. Using a
local projection, a 1 percentage point shock to inflation expectations results in a
0.1 percentage point increase in inflation in the following year. Further, unemploy-
ment also increases, with a peak response of 0.2 percentage points two years after
the shock. These estimates are economically meaningful and statistically strong.
Additionally, our estimates are robust to the exact construction of the shock or
the sample period. We also show that “placebo” shocks constructed using ar-
bitrary event dates do not feature the same effects; in particular, the estimated
inflation and unemployment responses are smaller in magnitude and statistically
insignificant (and in fact, the point estimates for the response of unemployment
are negative).

The theoretical model also has implications for the literature that works on
estimating the Phillips curve. Specifically, FIRE-based estimations will be biased;
however, estimations using a subjective, survey-based measure of inflation expec-
tations are unbiased.

Literature Review. There is a large literature documenting empirical devia-
tions from FIRE: Carroll (2003) Mankiw et al. (2003) Bordalo et al. (2020) Coibion
and Gorodnichenko (2012) (see Coibion et al. (2018) for a review of this literature).

General equilibrium models with deviations from FIRE: Mankiw and Reis
(2007), Maćkowiak and Wiederholt (2015), Bhandari et al. (2022), Woodford
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(2013)
News and noise shocks: Beaudry and Portier (2014), Barsky and Sims (2011),

Chahrour and Jurado (2018)
High-frequency responses to announcements: Rast (2021) Binder et al. (2022)

York (2023) Lamla and Vinogradov (2019) De Fiore et al. (2022) Nagel and Yan
(2022) Candia et al. (2020)

2 Model

The setup of our model is a completely standard representative agent New Keyne-
sian (RANK) model: households supply labor and consume differentiated goods
produced by firms facing nominal rigidities when choosing prices. The aggregate
dynamics of the model are summarized by the familiar (log-linearized) New Key-
nesian Phillips curve and aggregate Euler equations:

πt = βẼtπt+1 + κxt + ut, (1)

xt = −σ−1(it − Ẽtπt+1 − vt) + Ẽtxt+1. (2)

We denote cost-push shocks by ut (which we refer to as “aggregate supply shocks”);
and denote aggregate discount factor shocks by vt (which refer to as “aggregate
demand shocks”). We assume that both follow AR(1) processes:

ut = ρuut−1 + εut , (3)

vt = ρvvt−1 + εvt , (4)

where the innovations εut ∼ N(0, σ2
u) and εvt ∼ N(0, σ2

v), and are assumed indepen-
dent.

Our point of departure from standard RANK models is how agents form be-
liefs and collect information. We assume that agents, both consumers and firms,
observe all period t variables perfectly (as well as the history of such variables).
The key departure from FIRE is the incorporation of news shocks and how the
news shocks are perceived. Put another way, subjective expectations denoted by
Ẽ will not be equal to FIRE expectations denoted by E.
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Agents receive news which is informative about next period’s demand and
supply shocks:

zt = εut+1 + εvt+1 + ηt. (5)

The signal contains noise ηt ∼ N(0, σ2
η). In this setting, fully rational Bayesian

updating would imply:

Et

[
εut+1|zt

]
= Kuzt and Et

[
εvt+1|zt

]
= Kvzt, (6)

Ku =
σ2
u

σ2
u + σ2

v + σ2
η

and Kv =
σ2
v

σ2
u + σ2

v + σ2
η

, (7)

where Ku and Kv are the typical Kalman gain terms. However, agents misinterpret
the news shock as more informative about supply relative to demand, so that:

Ẽt

[
εut+1|zt

]
= K̃uzt and Ẽt

[
εvt+1|zt

]
= K̃vzt, (8)

K̃u > Ku > 0 and 0 ≤ K̃v < Kv, (9)

where the subjective Kalman gain for supply shocks (K̃u) is greater than the
FIRE Kalman gain for supply shocks (Ku), and the the subjective Kalman gain
for demand shocks (K̃v) is smaller than the FIRE Kalman gain for demand shocks
(Kv).

This bias could be the result of a variety of different informational frictions.
In Appendix B.2, we show that such a signal structure arises endogenously when
agents are rationally inattentive (as in Sims 2003) under most standard parametric
assumptions. Alternatively, in Appendix B.3, we show that this signal structure
also occurs when agents are “robust optimizers” and worry about model misspec-
ification concerns regarding the volatility of supply and demand shocks. In both
cases, the intuition is similar: when supply shocks are more costly from a welfare
perspective, agents learn more about such shocks (under rational inattention) or
act as if such shocks are more likely (under robustness). Of course, this signal
structure could also simply arise due to behavioral bias:

z̃t = α̃uε
u
t+1 + α̃vε

v
t+1 + σ̃ηηt, (10)
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where α̃u > αu and α̃v < αv.

2.1 Analytical Results

In order to deliver the simplest intuitive results, we focus on the simplest version
of the model: α̃u = 1, α̃v = 0, σ̃η = 0, and αu = αv = 0 (so that z is a pure
noise shock). Further, assume that supply and demand shocks are iid; that is,
ρu = ρv = 0. Agents form expectations:

Et[ut+1|z̃t] = ρuut + z̃t = z̃t,

Et[vt+1|z̃t] = ρvvt = 0.

This contrasts with FIRE-based beliefs, which are given by:

Et[ut+1|zt] = ρuut = 0,

Et[vt+1|zt] = ρvvt = 0.

Assuming a simple Taylor rule where the monetary authority responds to in-
flation it = ϕππt, aggregate dynamics are given by

πt = βEtπt+1 + κxt + ut

xt = −σ−1(ϕππt − Etπt+1 − vt) + Etxt+1

Etut+1 = z̃t, Etvt+1 = 0

Etut+k = 0, Etvt+k = 0 k > 1

Assuming determinacy conditions are met, theunique equilibrium is given by

πt = βχz̃t + κxt + ut,

xt = −σ−1ϕππt − σ−1χ(ϕπ − 1)z̃t + σ−1vt,

=⇒ πt = χ
[
κσ−1vt + ut + (β − κσ−1(ϕπ − 1))χz̃t

]
,

xt = χσ−1 [vt − ϕπut + (1− ϕπ(1 + β))χz̃t] .

Note that the sign of ∂πt

∂z̃t
is ambiguous. However, if κσ−1(ϕπ − 1) < β (which will
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hold in realistic parameterizations; for example, when the Phillips curve is not too
steep), then we have:

∂πt

∂vt
> 0,

∂πt

∂ut

> 0,
∂πt

∂z̃t
> 0

∂xt

∂vt
> 0,

∂xt

∂ut

< 0,
∂xt

∂z̃t
< 0

Hence vt is indeed a typical demand shock, ut is a typical supply shock, and the
response to z̃t is similar to a supply shock.

2.1.1 Implications for Phillips Curve Estimation

In addition, our model has important implications for empirical estimates of the
Phillips Curve.

First, consider the “expectations-augmented Phillips Curve” OLS regression:

πt = β̂Etπt+1 + κ̂xt + ϵt+1.

The OLS estimates converge to

bEXP =

[
V arEtπt+1 Cov(Etπt+1, xt)

Cov(Etπt+1, xt) V arxt

]−1 [
Cov(Etπt+1, πt)

Cov(πt, xt)

]
̸=

[
β

κ

]
.

That is, this regression is biased. However, suppose that supply shock volatility
σu → 0. Then we find

bEXP →

[
χ(β + 2βππκσ

−1 − ϕπ(κσ
−1)2)

κ

]
.

Thus, the expectations-augmented Phillips Curve converges to the actual slope
when supply shocks are small. However, the estimate of the discount factor is
biased.

Now consider the “FIRE Phillips Curve” OLS regression:

πt = β̂πt+1 + κ̂xt + ϵt+1.

6



The OLS estimates converge to

bFIRE =

[
V arπt+1 Cov(πt+1, xt)

Cov(πt+1, xt) V arxt

]−1 [
Cov(πt+1, πt)

Cov(πt, xt)

]
̸=

[
β

κ

]
.

Note that in this setting with no dynamics, all covariance terms with respect
to realized inflation πt+1 are zero. But this regression is also biased in terms of
the Phillips curve slope coefficient as well. Again assuming that supply shock
volatility σu → 0. In this case, we still do not recover the Phillips curve slope.
Letting σv → 0 as well we find in the limit,

bEXP →

[
0

βχ−1−κσ−1(ϕπ−1)
σ−1(1+ϕπ(κσ−1−β−1))

]
.

Next, consider the “subjective Phillips Curve” OLS regression:

Etπt+1 = β̂Etπt+k+1 + κ̂Etxt+1 + ϵt+1.

In this iid setting, the term Etπt+k+1 = 0 for all k > 1. Hence, this regression
is not well-defined. However, if we assume that V arEtπt+k+1 > 0 (eg, due to
measurement error), then the OLS estimates converge to

bSUBJ =

[
V arEtπt+k+1 Cov(Etπt+k+1, Etxt+1)

Cov(Etπt+k+1, Etxt+1) V arEtxt+1

]−1 [
Cov(Etπt+k+1, Etπt+1)

Cov(Etxt+1, Etπt+1)

]

=

[
0

− 1
ϕπσ−1

]
.

Hence, the estimated “subjective PC” slope is negative.

3 Empirical Results

As a result of information or behavioral frictions, agents in our model overweight
the likelihood that news shocks are informative of supply factors rather than de-
mand shocks. This model provides a variety of testable implications. For instance,
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in response to news that increase inflation expectations, output gap expectations
should fall, as agents believe the news is about a negative supply. Furthermore,
in response to this news, realized inflation should rise and the output gap should
fall (as they would following a negative supply shock). Finally, we test our impli-
cations for the Phillips curve. In this section, we assess if the data support the
testable implications of our model.

3.1 Data

We use the Michigan Survey of Consumers (MSC) to measure expectations. We ob-
tain the exact date (day, month, year) each survey was taken from Inter-University
Consortium for Political and Social Research (ICPSR) for January 1982 through
December 2018.1 The MSC collects approximately 500 responses each month.
Typically, there are fewer responses in the last few days of the month; however,
otherwise they are roughly uniformly distributed over the month. The MSC asks
a numerical value for inflation expectations; however, the majority of their ques-
tions are categorical. For instance, respondents’ are asked if over the next year
unemployment will increase, stay the same, or decrease.

3.2 News Shock Construction

We calculate a news shock to inflation expectations as the difference between
average inflation expectations in the five days after and the five days before a
CPI release. Figure 1 plots the time series of the news shock from January 1982
to April 2023. Over this time, the median and mean are near zero (0.07 and
0.11, respectively) and the standard deviation is roughly one (1.02). The standard
deviation does vary over the sample. For example, there are times of greater
volatility in the news shock (the 1980s) and times of lower volatility (the 1990s to
2007).

1While the MSC began collecting their monthly surveys in 1978, the exact dates for the early
years are unavailable. Note that the interview dates for January 2019 through April 2023 were
obtained directly from the MSC.
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Figure 1: News Shock Time Series

Notes: News shock time series calculated by taking the difference in average expected inflation in the
5 days before and after CPI releases.

3.3 Shock Validation

Relative to the literature that uses small, high-frequency windows to determine
shocks, we need to be more concerned with endogeneity given the larger window
size. To mitigate these concerns, we assess if financial or macroeconomic variables
can predict the news shocks. Table 1 reports a variety of robustness checks. Our
news shocks are not predictable by contemporaneous or lagged macroeconomic
variables such as inflation and unemployment. News shocks are only weakly corre-
lated with other high-frequency approaches (e.g., daily changes in Treasury yields
and oil prices).

News shocks are significantly correlated with changes in other expectations
of households. Specifically, a news shock which results in higher inflation expec-
tations is significantly correlated with an increase in the fraction of households
reporting they expect unemployment to rise and a decrease in households expect-
ing unemployment to fall (Table 2 Columns 1 and 2). Furthermore, a positive
inflation surprise reduces consumer sentiment, where sentiment is calculated as
the first-component in a components analysis of all forward-looking expectations
in the MSC (Kamdar (2019)).
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Table 1: News Shock (Un)predictability

(1) (2) (3) (4) (5) (6)
∆y

(10)
t 0.343 0.162 0.230

(0.577) (0.565) (0.547)
∆p

(OIL)
t 0.006 0.004 0.007

(0.020) (0.020) (0.020)
Ut 0.042 0.042 0.053

(0.044) (0.044) (0.044)
πt -0.094 -0.094 -0.096

(0.132) (0.132) (0.137)
Ut−1 -0.015 -0.015 -0.019

(0.044) (0.044) (0.046)
πt−1 0.112 0.112 0.118

(0.138) (0.138) (0.144)
Obs. 472 437 431 479 479 431
R2 0.001 0.000 0.001 0.004 0.004 0.006
P -val 0.553 0.777 0.940 0.632 0.632 0.630

Notes: The news shock (difference in average expected inflation in the 5 days before and after CPI
releases) is regressed on the change in ten-year Treasury yields between the day after and before
the CPI release (∆y

(10)
t ), is West Texas Intermediate oil price inflation between the day after and

before the CPI release (∆p
(OIL)
t ), contemporaneuous-month unemployment (Ut), one-month lagged

unemployment (Ut−1), contemporaneous-month inflation(πt), and/or lagged-month inflation(πt−1)

Table 2: News Shocks and Expectations

∆ẼtU
+
t+1 ∆ẼtU

−
t+1 ∆Ẽtst+1

∆Ẽtπt+1 1.623*** -0.802** -0.041***
(0.378) (0.364) (0.008)

Obs. 490 490 490
R2 0.039 0.013 0.062

Notes: The change in percent of households expecting unemployment to rise (∆ẼtU
+
t+1) and fall

(∆ẼtU
−
t+1) are regressed on the estimated news shock (∆Ẽtπt+1) in columns (1) and (2). In column

(3) the change in average sentiment (∆Ẽtst+1) is regressed on the estimated news shock (∆Ẽtπt+1).
Sentiment is calculated as the fitted first component of all forward looking variables excluding inflation.

3.4 Macroeconomic Effects

Next, we empirically test the macroeconomic effects of a news shock to inflation
expectations. In particular, we assess how inflation and unemployment respond
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following a news shock. We conduct the following local projection:

yt+h = αh + βh∆Ẽtπt+1 + γhXt + εt+h, (11)

where yt+h is the h-period-ahead realization of some macroeconomic outcome;
our baseline focuses on inflation and unemployment. Our dependent variable is
∆Ẽtπt+1, the news shock constructed in Section 3.2. We also include additional
controls Xt; in our main specification, we include four lags of the inflation rate,
unemployment rate, fed funds rate, oil price inflation, and the news shock are
included as controls. In robustness checks, we allow for a variety of alternative
choices of these controls (and find similar results).
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Figure 2: Local Projection: Inflation Response to a News Shock

Notes: Local projection of inflation on the estimated news shock. Four lags of inflation, unemployment,
fed funds rate, oil price inflation, and the news shock are included as controls. 90% confidence intervals
included.

Figure 2 plots our baseline results. We find that in response to a news shock,
realized inflation increases over the course of a year, reaching a peak effect of 0.15
percentage points. Then, the inflation response decreases and becomes insignifi-
cant.

In addition, following the news shock, realized unemployment steadily rises.
After one year unemployment is 0.1 percentage points higher. This response con-
tinues in the following year, and peaks after two years around 0.2 percentage points
higher. This increase is unemployment is large and significant. Through the lens
of our model, this is precisely what we would expect. A positive news shock is
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perceived as coming from a negative supply shock and causes realized inflation and
unemployment to both rise.
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Figure 3: Local Projection: Unemployment Response to a News Shock

Notes: Local projection of unemployment on the estimated news shock. Four lags of inflation, un-
employment, fed funds rate, oil price inflation, and the news shock are included as controls. 90%
confidence intervals included.

The qualitative results are similar in a variety of robustness checks. In the
baseline, the news shock is based on 5 days before and after CPI releases; however,
increasing or decreasing this window does not affect the results (Appendix A.1).
Furthermore, the local projection’s qualitative takeaways are similar removing all
controls or limiting the controls (Appendix A.2). Finally, varying the sample also
maintains the key findings.

Finally, we construct a placebo shock series: we follow the same methodology
as in Section 3.2, but construct our shock 15 days after the release of the CPI
(when no new macroeconomic news is systematically released). We replicate our
baseline regressions, but using these placebo shocks.

The results of the placebo exercise are reported in Figures 4 and 5. As shown,
our estimated local projections of inflation and unemployment using the placebo
shock show that neither inflation nor unemployment respond significantly. If any-
thing, our point estimates for both series suggest slight declines in the first few
months following the placebo shock. Eventually, our point estimate for inflation
becomes positive; however, point estimates for unemployment remain negative
over the entire three years following the placebo shock. Our placebo estimates are
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Figure 4: Local Projection: Inflation Response to a Placebo Shock

Notes: Local projection of inflation on a placebo news shock estimated around 15 days after the CPI
release. Four lags of inflation, unemployment, fed funds rate, oil price inflation, and the news shock
are included as controls. 90% confidence intervals included.
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Figure 5: Local Projection: Unemployment Response to a Placebo Shock

Notes: Local projection of unemployment on a placebo news shock estimated around 15 days after
the CPI release. Four lags of inflation, unemployment, fed funds rate, oil price inflation, and the news
shock are included as controls. 90% confidence intervals included.

economically much smaller than our baseline results, and remain insignificant over
all horizons.

13



4 Conclusion

This paper investigates the causes and consequences of the tendency for households
to overweight the importance of aggregate supply shocks relative to demand-side
factors. We label this bias in beliefs “supply-side beliefs.” We develop a New Key-
nesian model where agents receive news about future supply and demand shocks.
Because supply shocks are more costly from a utility perspective, agents endoge-
nously downweight the likelihood that news is informative about demand shocks.
The model rationalizes a number of empirical puzzles, such as the observed pos-
itive correlation between survey-based inflation and unemployment expectations,
and the instability of estimated Phillips curve slope coefficients.

We empirically test a key prediction of the model: following a news shock
which raises inflation expectations, realized inflation and unemployment both in-
crease. Using daily survey-based inflation expectations around CPI releases, we
construct a novel measure of news-driven inflation expectation shocks. Consistent
with the model, following an increase in our inflation expectation measure, both
realized inflation and unemployment rise. These results are robust across a wide
range of specifications and sample periods; quantitatively, we find that a one per-
centage point shock to inflation expectations boosts inflation by roughly 0.1% and
unemployment by 0.2% over the next 2 years.
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Appendix A Additional Tables and Figures

A.1 Local Projection Robustness: News Shock Days

Panel A: Inflation Response
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Figure A1: Local Projection: Response to a 3-Day News Shock

Notes: Local projections of inflation and unemployment on a news shock estimated based on the
difference between average inflation expectations in the three days after and before CPI releases. Four
lags of inflation, unemployment, fed funds rate, oil price inflation, and the news shock are included as
controls. 90% confidence intervals included.
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Panel A: Inflation Response
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Figure A2: Local Projection: Response to a 7-Day News Shock

Notes: Local projections of inflation and unemployment on a news shock estimated based on the
difference between average inflation expectations in the seven days after and before CPI releases. Four
lags of inflation, unemployment, fed funds rate, oil price inflation, and the news shock are included as
controls. 90% confidence intervals included.
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A.2 Local Projection Robustness: Controls
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Figure A3: Local Projection: Response to a News Shock (No Controls)

Notes: Local projections of inflation and unemployment on the baseline news shock. No additional
controls are included. 90% confidence intervals included.
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Panel A: Inflation Response
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Figure A4: Local Projection: Response to a News Shock (Narrow Con-
trols)

Notes: Local projections of inflation and unemployment on the baseline news shock. One lag of
inflation, unemployment are included as controls. 90% confidence intervals included.
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Figure A5: Local Projection: Response to a News Shock (One Lag
Controls)

Notes: Local projections of inflation and unemployment on the baseline news shock. One lag of
inflation, unemployment, fed funds rate, oil price inflation, and the news shock are included as controls.
90% confidence intervals included.
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Appendix B Information Frictions

B.1 Model Setup

The representative household faces a standard lifetime utillity function

E0

∞∑
t=0

βtu (Ct, Nt) ,

and per-period budget constraints are given by

Ct +QtBt = Bt−1 +WtN
S
t + Tt.

Assuming the usual functional form of per-period utility

u (Ct, Nt) =
(Ct)

1−ς − 1

1− ς
− (Nt)

1+φ

1 + φ
,

the log-linearized aggregate dynamics are given by

Et∆ct+1 = ς−1 (it − Etπt+1 − vt) ,

πt = κct + βEtπt+1 + ut.

We assume that all information dated at time t or earlier is observable. Fu-
ture shocks εv,t+1, εu,t+1 can be partially observed; shocks dated t + k for k > 1

are unobservable. Thus, we derive the utility loss for the representative consumer
realtive to the full-information baseline case. In this setting, full-information im-
plies that shocks εv,t+1, εu,t+1 are fully observed. Losses are therefore driven by
suboptimal choices ct, nt relative to the full-information case (which we denote by
c∗t , n

∗
t . Additionally, from the intratemporal optimality conditions

wt = ςct + φnt,

we see that conditional on the consumption choice ct, households make the same
labor supply decision regardless of our assumption about beliefs regarding future
shocks. Thus, a quadratic approximation to the loss relative to a full-information
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baseline is simply given by

− (ct − c∗t )
2

where

Et∆c∗t+1 = ς−1
(
i∗t − Eπ∗

t+1 − vt
)
,

π∗
t = κc∗t + βEπ∗

t+1 + ut.

When demand and supply shocks are iid and the central bank chooses it = ϕππt,
we have that

ct − c∗t = χ2ς
[
(1− ϕπ(1 + β)) (Etut+1 − ut+1) + (1 + κς−1(1− ϕπβ) (Etvt+1 − vt+1)

]
.

Further, note that under typical parameterizations, the coefficient on supply shock
misperceptions Etut+1 − ut+1 will be larger in magnitude than the coefficient on
demand shock expectations Etvt+1 − vt+1. We maintain this assumption in the
next sections.

B.2 Rational Inattention

Suppose that the representative household can receive information about future
supply and demand shocks. The household seeks to minimize − (ct − c∗t )

2, which
are driven by misperceptions regarding future shocks. When facing information
costs as in Sims (2003), the optimal signal structure for the representative house-
hold is given by

st = c∗t + ηt

⇐⇒ st = (1− ϕπ(1 + β))ut+1 + (1 + κς−1(1− ϕπβ)vt+1

Thus, the optimal signal structure has the same form as in Section 2.
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B.3 Robustness

Alternatively, suppose that agents fully understand the model structure, and re-
ceive signals as in Section 2. However, they are concerned about misspecifica-
tion regarding the volatility of the structural supply and demand shocks. We
assume the representative agent takes a “minmax” approach, with the following
constraints:

σ̃2
u + σ̃2

v + σ2
η = σ2

u + σ2
v + σ2

η

That is, agents know the total volatility of supply and demand shocks σ2
u+σ2

v , but
do not known the individual volatilities σ2

u and σ2
v . They form beliefs about σ̃2

u

and σ̃2
v , under “minmax” approach. Thus, as shown above, because supply shocks

more costly from a utility perspective, agents overweight the likelihood of supply
relative to demand shocks.
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